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Abstract

This study explores the phenomenon of precognitive linguistic patterns—spontaneous,
unconscious keywords that appear in an individual's thoughts shortly before a real-world
event occurs. Framed within a cognitive-linguistic paradigm rather than a mystical one, the
research introduces the concept of unconscious prophecy and investigates its potential
mechanisms through an 18-month pilot study involving 38 participants. Using daily keyword
logging, retrospective event matching, and semantic similarity modeling via NLP tools
(Word2Vec, GloVe), the study identified 117 validated keyword-event matches, with a
notable clustering within 1-2 days prior to the events. Results suggest possible links between
creative cognition, associative fluency, and unconscious temporal sensitivity. This
interdisciplinary inquiry bridges cognitive psychology, predictive processing, and language
modeling, proposing that the human mind may exhibit short-term anticipatory semantic
activity. Implications span from creative intuition research to Al-assisted language tracking,
opening new avenues for understanding subconscious pattern detection and non-linear

cognitive perception.

Keywords: unconscious cognition, anticipatory processing, linguistic precognition,
keyword logging, semantic prediction, cognitive modeling, Word2Vec, creative intuition,

event correlation
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Precognitive Linguistic Patterns: A Cognitive Approach to Unconscious Prophecy

Throughout human history, many individuals have claimed to foresee events before
they occurred. These accounts have often been relegated to mysticism or pseudoscience.
However, recent observations suggest that some precognitive experiences may have
measurable cognitive underpinnings, particularly when reframed as unconscious linguistic

phenomena.

This study introduces the concept of "unconscious prophecy"—defined here as the
spontaneous emergence of specific keywords or themes in an individual's thoughts between t-
7 and t-1 days before a real-world event (t+0). These keywords often bear strong semantic
links to future events, yet they arise without intentional focus or contextual triggers. Notably,

their significance is usually recognized only after the corresponding event unfolds.

While the scientific literature on such phenomena is sparse, related studies in implicit
learning (Reber, 1967), unconscious cognition (Bargh & Morsella, 2008), and controversial
precognition experiments (Bem, 2011) provide useful theoretical foundations. The unique
focus of this research is on the presence of linguistic anticipatory patterns preceding real-

world events—a largely unexplored domain.

An 18-month pilot study involving 38 participants employed self-reporting, thematic
journaling, and guided recall to identify potential pre-event linguistic data. Participants
showing the most consistent keyword—event alignment were largely from creative professions
(73.68%), suggesting a possible link between creative cognition and sensitivity to

unconscious cues.

Lexical analysis using NLP techniques revealed semantic clustering among keywords.
For instance, before a widely reported tech company data breach, several participants

independently logged terms like “leak,” “exposure,” and “password,” despite no direct access
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to the company or related news at the time.

This study aims to empirically investigate whether the unconscious mind can
assemble or detect semantic signals of future events. The findings may contribute to research

on predictive processing, language priming, and temporal cognition.

Literature Review

Unconscious Cognition and Semantic Priming

Friston’s (2010) free-energy principle offers a compelling neurocognitive model in
which the brain continuously minimizes prediction error by anticipating incoming stimuli.
This theoretical framework aligns with the current study’s exploration of pre-conscious
semantic anticipation, positioning spontaneous keyword emergence as a possible expression

of internal predictive modeling mechanisms.

Unconscious processes significantly influence behavior, memory, and language.
Bargh & Morsella (2008) discuss how unconscious mechanisms shape emotional responses
and goal pursuit. Semantic priming research demonstrates that exposure to semantically
related terms—often below conscious awareness—affects response times and accuracy
(Neely, 1977). These studies highlight the brain's ability to process and link language

unconsciously, though primarily in retrospective contexts.

Implicit Learning and Pattern Recognition

Reber (1967) introduced implicit learning as the unconscious acquisition of complex
patterns. Later research expanded this to include pattern recognition and prediction,
indicating the brain’s natural inclination to detect structure, even absent logical explanation.

This capacity may underpin the spontaneous emergence of semantically linked keywords.

Precognition Research
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Bem (2011) controversially suggested participants could anticipate future stimuli
slightly above chance. Radin et al. (1997) documented physiological changes prior to
emotional stimuli, proposing a "presentiment" response. While debated, such findings

support exploration of non-linear time perception in cognitive science.

Linguistic Anticipation as a Gap

Recent interdisciplinary research has explored parallels between human predictive
cognition and computational models. Clark (2013) introduced the “predictive brain” theory,
describing the mind as a hierarchical inference machine constantly simulating future sensory
inputs. In machine learning, Radford et al. (2019) demonstrated that large-scale transformer
models (e.g., GPT-2) trained on next-word prediction tasks develop surprising linguistic
anticipation abilities, offering a computational analogy to subconscious linguistic emergence
in humans. Similarly, Wilcox et al. (2023) examine surprisal in neural language models
across 11 languages, showing that machine-based language prediction mirrors human

processing patterns under the Surprisal Theory framework.

Despite these studies, none have explored unconscious linguistic anticipation—
semantically linked keywords arising spontaneously before real-world events. This study
proposes this phenomenon as a distinct cognitive subdomain characterized by temporal

inversion, semantic linkage, spontaneous emergence, and retrospective recognition.

Methodology

Study Design

This mixed-methods exploratory study combined qualitative journaling with
quantitative keyword-event analysis over 18 months. Keywords were deemed anticipatory if

logged between t-7 and t-1 and matched semantically to events on day t+0.
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Participants

Fifty-two participants were initially recruited; 38 completed the full study cycle. The
final cohort had a mean age of 29.6 (SD = 5.8), with 55% working in creative professions
overall (e.g., artists, designers, marketers); among high-alignment participants, the figure rose

to 73.68%.

Procedure

Keyword Logging: The daily journaling method was inspired in part by expressive
writing research (Pennebaker & Chung, 2007), which has shown that language use can reveal
shifts in cognition and emotional processing. By recording spontaneous keywords,
participants may have inadvertently surfaced unconscious anticipatory signals embedded in
their linguistic expression. Participants logged up to five spontaneous keywords daily, based
on salience or emotional resonance, without context or reflection. The task was framed as a

linguistic creativity exercise to avoid priming.

Event Matching: Each week, participants reviewed a curated list of recent events and
identified potential matches from their logs, assigning confidence scores. Blind reviewers

independently verified matches using Word2Vec and GloVe semantic models.

Analysis

Keywords were counted only if they appeared at least two days prior to an event and

scored >0.75 on semantic similarity. From 684 total keywords, 117 met criteria.

Validated Match Distribution:

Personal: 28.21%

Local Incidents: 24.79%
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Cultural Media: 19.66%

Mishaps: 14.53%

Political: 7.69%

Tech Disruptions: 5.13%

Timing Before Event:

t-1: 41.88%

t-2: 28.21%

t-3 to t-5: 23.93%

t-6 to t-7: 5.98%

Threshold was determined based on pilot testing and prior benchmarks suggesting

that a cosine similarity >0.75 reflects strong semantic relevance in word embedding models.

Ethics

Participants provided informed consent and were debriefed post-study. Anonymity

and right to withdraw were preserved throughout.

Results and Discussion

Findings

Validated matches clustered around t-1 to t-2 days before events. Participants from

creative backgrounds demonstrated higher alignment. Average similarity scores were 0.82.

Interpretations

A. Semantic Aggregation: Participants may unconsciously absorb fragmented

environmental cues and encode them as abstract keywords.
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B. Associative Flexibility: Creatives may exhibit heightened metaphorical and

symbolic thinking, allowing latent themes to surface linguistically.

C. Non-linear Perception: Some data patterns suggest support for non-linear time

models, though speculative.

D. Collective Semantic Access: A field-like unconscious access mechanism may
explain thematic convergence among participants. This may echo Jung’s (1952) hypothesis of

synchronicity, in which acausal patterns emerge through a shared symbolic substrate.

Limitations

Retrospective attribution introduces confirmation bias; Small, non-random sample;

No control group; Potential subliminal exposure to event precursors.

Implications

If confirmed, this phenomenon could inform:

- Al-enhanced journaling for early event detection, similar to platforms like Replika
or Reflectly that track emotional and linguistic patterns over time, or proprietary systems

developed internally by ZENOR Benevolent;

- Cognitive tools for creativity research, leveraging semantic emergence as a

predictive or ideational stimulus;

- Models of subconscious information processing, drawing on parallels with
predictive language models like GPT or BERT, which exhibit anticipatory linguistic

patterning during pretraining and generation phases.

Future Questions

- Can Al detect similar anticipatory patterns at scale?;
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- What neural systems correlate with spontaneous keyword emergence?;

- Is this purely linguistic or part of a multisensory predictive faculty?

Conclusion

This study examined whether spontaneous language fragments can serve as
unconscious indicators of imminent real-world events. Results from 38 participants across 18
months yielded 117 validated keyword—event matches. A significant temporal clustering
around t-1 to t-2 days and a high representation of creatives suggest an intriguing cognitive

pattern.

While not definitive, these findings support further inquiry into unconscious semantic
anticipation. Future research with broader populations, control groups, and neuroimaging
may help uncover whether this phenomenon reflects deep semantic sensitivity, nonlinear

temporal processing, or both.
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Appendix A
Sample Journal Entry and Event Correlation
Participant ID: P-019
Date of Entry: July 10, 2024
Keyword(s) Logged: "red clothings", "gunpowder smell"

Associated Emotion: n/a

Context: “I woke up from a nap with the keyword ‘red clothings’ echoing in my mind. No

visual, just the words.”

Event: n/a (July 13, 2024)

Semantic Similarity: 0.9 (OpenAl Embedding)

Time Lag: 3 days (t-3)

10
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Appendix B

Survey and Interview Excerpts

Sample prompts:

- “Note any spontaneous words or phrases that feel emotionally resonant.”;

- “Did you understand the meaning of your keywords before the events occurred?”;

- “Did keywords arise during dreams or transitional states?
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Table C1

Appendix C

Partial Keyword—Event Table

Partial Keyword—Event Table

12

Participant Keyword(s) t-#

Event Description Score

Event Type

P-012

P-019

P-018

P-026

P-019

echo hallway  t-1

friend's
t—2
LinkedIn profile

watch, shattered t-3

Harry Potter t—1

red clothings,
gunpowder t-3

smell

Building fire alarm test caused
0.79
mass confusion

The same friend later requested
0.91
to be listed as a reference

Phone accidentally dropped 0.65

Received unexpected graduate
0.85
admission letter

n/a 0.90

Local Incidents

Personal

Mishaps

Personal

n/a
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Scientific Positioning Note

While the subject of this study—spontaneous linguistic emergence preceding real-world
events—may appear adjacent to mystical or speculative domains, this research is firmly
situated within empirical cognitive science. It neither presumes supernatural causality nor
posits time-reversal phenomena as fact. Instead, it explores whether unconscious language
production may reflect latent predictive mechanisms inherent in human cognition, akin to
anticipatory structures seen in predictive processing models. All findings are presented as
preliminary, with full acknowledgment of methodological limitations and the need for
replication, control conditions, and further neuroscientific validation. This study seeks not to
claim prophetic abilities, but to open a rigorously scientific dialogue about subtle, possibly

overlooked patterns in human semantic cognition.
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